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Exkurs: Vergleichbarkeit von betas/contrast estimates
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Exkurs: Vergleichbarkeit von betas/contrast estimates
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Block-Regressor aus SPM.xX. X:
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2nd level: Interaktion
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Fitted responses
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Fitted responses
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Fitted responses
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Fitted responses
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Exkurs: Predicted - adjusted

y = beta,*X, + beta,*X, + Fehler

. J
Y

Treatmentvarianz Fehlervarianz

Effect of interest: X, 2> 7

1. Entfernung nicht interessierender Varianz: X,
(,effects of no interest®, ,reduced model®)

2. - Adjusted response: Fitted response fur X, + Fehler
(X aus prewhitened Designmatrix: SPM.xX.xKXs.X)

Predicted response (SPM-spezifisch): X aus ,roher” Designmatrix SPM.xX.X
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Event-related (1st level)




Event-related (1st level)

- = = fitted response:
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fitted response and FSTH

4~
_ [ PSTH:
S
Mok T T T T T -Alle Events (ibereinander-
ar . T . geschoben (ahnlich ERPs)
T -Mittelwert und Konfidenzinter-
1k vall
T - 4 - T (genauer: Parameterschatzung
1 T T fur jedes Bin)

response at [0, 0, -2]
]

-4 | | | | | | |

a = 10 15 20 25 30 35
peristirnulus time {secs}




FIR-Modelle (,finite impulse respone®) (1st level) Bed. 4

globale Konstante
Sessionkonstante 1, 2, 3

Bed.1 d.2 Bed. 3 Be. l/

1234 5 6 7 89 10



FIR-Modelle (,finite impulse respone®) (1st level)
globale Konstante
Sessionkonstante 1, 2, 3

I

ﬂle gqn .ii.ew _1nser1 _I_UDIS _Qgsktn.p- _ﬂinduw _H_e_lp 2| BEd.1 BEd. 2 Bed- 3 Bed- 4
NEEdL| b AAUDEL- |G| 0EH|aD SR == e
e, -
0 -
| 4 Bedingungen
aos| i
or 4
0.05 - i
E 4

<0151

Bin: ° 12345 6 7 89 fo °




FIR-Modelle (,finite impulse respone®) (1st level)
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,Roh“signalverlaufe! (1st level)
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Parametrische Modulation (1st level)
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Parametrische Modulation (1st level)
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Modellierung einzelner Trials
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Empfehlung: rfxplot.sourceforge.net
(Jan Glascher)



